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Abstract 

Background  Alzheimer’s disease (AD) and vascular dementia (VaD) are two of the commonest causes of demen-
tia in the elderly. Of the myriad biomolecules implicated in dementia pathogenesis, sphingolipids have attracted 
relatively scant research attention despite their known involvement in multiple pathophysiological processes. The 
potential utility of peripheral sphingolipids as biomarkers in dementia cohorts with high concomitance of cerebrovas-
cular diseases is also unclear.

Methods  Using a lipidomics platform, we performed a case–control study of plasma sphingolipids in a prospec-
tively assessed cohort of 526 participants (non-cognitively impaired, NCI = 93, cognitively impaired = 217, AD = 166, 
VaD = 50) using a lipidomics platform.

Results  Distinct patterns of sphingolipid alterations were found in AD and VaD, namely an upregulation of d18:1 
species in AD compared to downregulation of d16:1 species in VaD. In particular, GM3 d18:1/16:0 and GM3 d18:1/24:1 
showed the strongest positive associations with AD. Furthermore, evaluation of sphingolipids panels showed spe-
cific combinations with higher sensitivity and specificity for classification of AD (Cer d16:1/24:0. Cer d18:1/16:0, GM3 
d16:1/22:0, GM3 d18:1/16:0, SM d16:1/22:0, HexCer d18:1/18:0) and VAD (Cer d16:1/24:0, Cer d18:1/16:0, Hex2Cer 
d16:1/16:0, HexCer d18:1/18:0, SM d16:1/16:0, SM d16:1/20:0, SM d18:2/22:0) compared to NCI.

Conclusions  AD and VaD are associated with distinct changes of plasma sphingolipids, warranting further studies 
into underlying pathophysiological mechanisms and assessments of their potential utility as dementia biomarkers 
and therapeutic targets.
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Introduction
Dementia is a progressively debilitating disease, afflict-
ing an estimated 47.5 million people worldwide and up to 
10% of community dwelling older adults in Singapore [1, 
2]. The high prevalence of dementia has many social and 
economic implications as well as burden on the health-
care system and society, highlighting the importance of 
dementia research and prevention. The most common 
cause of dementia is Alzheimer’s Disease (AD), charac-
terised by neurodegeneration associated with abnormally 
aggregated β-amyloid and tau proteins. However, there 
are multiple other causes of dementias, with varying and 
often overlapping pathologies including amyloidosis, 
neurodegeneration, cerebrovascular disease and inflam-
mation [3–6]. Apart from AD, Vascular dementia (VaD) 
is the second most common cause of dementia [7]. It is 
characterised by the presence of cerebrovascular disease 

such as infarcts, microbleeds, cerebral amyloid angiopa-
thy [8, 9]. These features are not only observed in VaD 
patients, but also in patients with AD [10].

Sphingolipids have physiological and pathophysio-
logical functions in cellular processes. Recent research 
has investigated their alterations in disease, as well as 
their functions within the nervous system [11–13]. 
Their alterations have been suggested to play a role in 
dementia pathology and pathogenesis including, for 
example, accelerating processes such as amyloid pro-
duction and apoptosis [13, 14]. Research in this field 
has also gained traction in recent years, especially with 
the advent of highly sensitive lipidomics platforms [13, 
15]. Sphingolipids consist of multiple species including 
sphingomyelins, ceramides and sphingosines which 
can be interconverted by a well-characterized meta-
bolic pathway (Fig. 1). The levels of each species may 

Fig. 1  A Structural components and naming convention of sphingolipids (SP). The three major moieties in SPs are indicated, with sphingoid 
backbone highlighted in blue, n-acyl chain attached to backbone via amide bond in orange, and the headgroup in yellow. Headgroups of SPs 
measured in this study are summarized in the inset table. SPs in this manuscript were named by the class abbreviation (SM, Cer etc.), followed 
by the sphingoid backbone, then followed by the n-acyl chain (both indicated as number of carbons and number of double bonds in the acyl 
chain). B Depiction of the sphingolipid metabolic pathway, including the de novo synthesis pathway highlighted in grey and the salvage pathway 
highlighted in yellow. Boxes indicate the sphingolipids or their substrates. Enzymes catalysing the reactions are indicated above the arrows. Dotted 
line represents a subset of the sphingolipids, in this case, lactosylceramide is a dihexosylceramide
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be affected by one another and thus, it is imperative to 
look at all species of sphingolipids in relation to each 
other.

Materials and methods
Study cohort, medical and cognitive assessments
The selection and assessment of the cohort for this 
case–control study, which represents baseline meas-
urements of an ongoing longitudinal study, have been 
previously described [16, 17] (also see Supplementary 
Table  1). Briefly, patients with subjective complaints 
of memory loss were recruited from memory clinics at 
Singapore’s National University Hospital and St Luke’s 
Hospital sites. All subjects underwent clinical, physi-
cal, neuropsychological assessments and neuroimag-
ing at the National University of Singapore. Relevant 
demographic and medical information, including vas-
cular risk factors and exclusion factors such as previous 
head trauma, thyroid disease, non-AD neurodegenera-
tive conditions (e.g., Parkinson’s disease), and psychiat-
ric illnesses, were collected by administering a detailed 
questionnaire and reviewing of medical records. Fur-
thermore, subjects were administered a comprehensive 
neuropsychological test battery consisting of several 
domains, namely, executive function, attention, lan-
guage, visuomotor speed, visuoconstruction, verbal 
memory and visual memory, along with standard cogni-
tive assessments (Mini-Mental State Examination [18] 
and Montreal Cognitive Assessment [19], see Supple-
mentary Table  2). Diagnoses of cognitive impairment 
and dementia were made at regular consensus meet-
ings of study clinicians and neuropsychologists, where 
cognitive impairment, no dementia (CIND) cases were 
defined by people who did not meet the Diagnostic and 
Statistical Manual Fourth Edition (DSM-IV) diagnos-
tic criteria for dementia [20] but showed impairment 
in one or more domains of the neuropsychological 
battery, as defined by education-adjusted scores ≥ 1.5 
standard deviations below normal established means 
for at least half of the tests for that domain. AD cases 
were diagnosed using the National Institute of Neuro-
logical and Communicative Disorders and Stroke and 
the Alzheimer’s disease and Related Disorders Asso-
ciation (NINCDS-ADRDA) criteria [21], while vascu-
lar dementia (VaD) was diagnosed using the National 
Institute of Neurological Disorders and Stroke-Associ-
ation Internationale pour la Recherché et l’ Enseigne-
ment en Neuroscience (NINDS-AIREN) criteria [22]. 
Non-cognitively impaired (NCI) controls were defined 
as those with subjective memory complaints, but who 
were found to be cognitively normal after undergoing 
objective neuropsychological assessments.

Covariates
In addition to demographic information, medical his-
tories of vascular risk factors such as hypertension, 
hyperlipidemia, diabetes, smoking and cardiovascu-
lar disease were collected and classified as absent or 
present. Hypertension was defined as systolic blood 
pressure ≥ 140  mmHg and /or diastolic blood pres-
sure ≥ 90  mmHg or a history of hypertension, or use 
of antihypertensive medication. Hyperlipidemia was 
defined as total cholesterol level ≥ 4.14 mmol/l or a his-
tory of hyperlipidemia, or use of lipid-lowering medi-
cation. Diabetes mellitus was defined as glycated 
hemoglobin ≥ 6.5% or a history of diabetes mellitus, or 
the use of any glucose-lowering medication. Cardiovas-
cular disease was determined by previous history of atrial 
fibrillation, congestive heart failure and / or myocardial 
infarction. Apolipoprotein E (APOE) genotyping were as 
previously described [23] for the determination of APOE 
ε4 carrier status, defined by the presence of at least one 
APOE ε4 allele.

Blood processing
Non-fasting blood was collected via venipuncture from 
study participants into both serum-separating tubes 
(SST) and ethylenediaminetetraacetic acid (EDTA)-con-
taining tubes, followed by centrifugation at 2000  g for 
10 min at 4 °C.

Liquid chromatography–tandem mass spectrometry (LC–
MS/MS)
Lipids from plasma samples were extracted using a 
1-butanol:methanol (1:1, v/v, Merck Millipore) extrac-
tion solvent containing a set of internal standards based 
on a method previously described [24]. Briefly, 100  μl 
of extraction solvent containing internal standards was 
added to 15  μl of each plasma sample, sonicated for 
30 min, centrifuged at 16,000 g and 90 μl of lipid extract 
were then transferred into glass vials and stored at -80◦ 
C until analysis. The extracted lipids were analysed by 
positive mode electrospray ionization mass spectrometry 
using an Agilent 6495 QQQ mass spectrometer. Lipid 
separations were performed on a 1290 Infinity II ultra-
high performance liquid chromatography system, using 
a reversed-phase Agilent ZORBAX Rapid Resolution 
High Definition Eclipse Plus C18 column. Lipids were 
quantified using a dynamic, multiple reaction monitor-
ing method with measurement of peak area of quanti-
fier transitions by peak integration. Lipid peaks were 
identified based on their specific precursor and product 
ion transitions in addition to their retention time [24]. 
Subsequent normalization with internal standards was 
carried out as previously discussed [24]. To ensure the 
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quality and precision of the results, pooled quality con-
trol (QC) samples were included every 10 study samples. 
The coefficient of variation (CoV) of each individual lipid 
in the QC samples was then calculated, and lipids with 
CoV higher than 30% were excluded. Evaluation was per-
formed for 177 peaks for each plasma sample. Of these, 
77 peaks met our inclusion criteria for reliability and 
were included in subsequent analyses. These included 
members of the following classes: ceramides, cerebro-
sides (monohexosylceramides or “HexCer”), globosides 
(dihexosylceramides or “Hex2Cer”), gangliosides (GM3) 
and sphingomyelins (SMs) (Supplementary Table  3). 
Principal components analysis was performed, and prin-
cipal components were plotted to identify any potential 
drifts or batch effects (Supplementary Figure 1).

Statistical analyses
Statistical analyses were performed using Stata Version 
14. Kruskal–Wallis analyses of variance (ANOVA) with 
post-hoc Dunn’s tests and Chi-square tests were used 
to compare the characteristics of the cases and control 
groups. Plasma SPs were compared between cases and 
controls using Mann–Whitney U test with adjustment 
for false discovery rate (FDR) using Benjamini-Hochberg 
(BH) method. Binary logistic regressions were conducted 
to evaluate association between plasma SPs and risk of 
CIND, AD and VaD, using log-transformed plasma SPs as 
independent variable. Unadjusted models were reported, 
as well as models adjusted for age, sex, education, and/
or ApoE ε4 carrier status, and/or hypertension, diabe-
tes, hyperlipidemia and cardiovascular disease. P-values 
were adjusted for FDR using BH method. Regression 
with Least Absolute Shrinkage and Selection Opera-
tor (LASSO) regularisation was performed on SPs that 
were significantly associated with AD in univariate anal-
ysis [25]. Five-fold cross-validation was used to identify 
the λ1SE [26]. These were performed using lassopack in 
Stata Version 14 [27]. Receiver-operating characteristics 
(ROC) analyses were performed for baseline model and 
combined models to determine Area under curve (AUC) 
and likelihood ratio tests were performed to determine if 
models were significantly improved. Backward stepwise 
logistic regression was used by setting the significance 
level for removal at 0.1. For all analyses, P-values < 0.05 
were considered statistically significant.

Results
Baseline characteristics of study cohort
A total of 526 participants were included in this study. 
Table  1 shows the main demographic and clinical char-
acteristics of each cognitive subgroup. Participants with 
cognitive impairment were older, and a lower proportion 
had above primary education. A higher proportion also 

had history of hypertension, hyperlipidemia, diabetes 
and cardiovascular disease. In line with previous find-
ings, the dementia subgroups had worse cognition and 
function, more severe medial temporal lobe atrophy, and 
elevated plasma neurofilament light chain, a marker of 
neurodegeneration; while VAD had significant neuroim-
aging measures of CeVD, and AD had elevated plasma 
pTau-181, a marker of amyloid pathology [17, 28]

We obtained relative concentrations of 77 sphingolipid 
species (Supplementary Table 3) and evaluated the rela-
tionships among these species by Spearman’s correlation 
analysis. Generally, SM and Cer were found in separate 
clusters while HexCer and GM3 were clustered together. 
GM3 d16:1/C22:0 was also clustered with other Cer 
d16:1 s and SM d18:1/C14:0 with HexCer, Hex2Cer and 
GM3. d16:1 SPs were also found to be inversely corre-
lated with d18:1 SPs (Fig. 2).

SPs concentrations were correlated with clinical char-
acteristics (Supplementary Figure  2A-F, Supplementary 
Tables 4 and 5). In the presence of all the comorbidities 
explored, including hypertension, diabetes, cardiovas-
cular disease and hyperlipidemia, SPs were generally 
decreased, especially HexCer, Hex2Cer and GM3 (Sup-
plementary Figure  2A-E). The downregulation was also 
especially evident in the presence of cardiovascular dis-
ease (Supplementary Figure  2A, B). Interestingly, Cer 
were not significantly different between participants with 
and without diabetes (Supplementary Tables 4 and 5). In 
the presence of ApoE4 allele, no SPs were significantly 
altered although there was a trend towards increased SPs 
(Supplementary Figure 2A, F).

Sphingolipid profiles differ in AD and VaD, compared 
to NCI
We compared two subtypes of dementia in our study, 
AD and VaD. Profiles of SPs demonstrated that across all 
SP classes, species with d18:1 backbones were generally 
upregulated in AD, whereas d16:1 species were generally 
downregulated in VaD (Fig. 3B, C).

Out of 77 species, 5 SPs were altered in both demen-
tias after false discovery rate correction, including upreg-
ulation of two d18:1 SPs (Cer d18:1/16:0 and HexCer 
d18:1/18:0) as well as downregulation of three d16:1 SPs 
(Cer d16:1/24:0, GM3 d16:1/22:0, SM d16:1/22:0). Four-
teen other SPs were upregulated in AD, including 10 
d18:1 SPs and 4 d18:2 SPs. On the other hand, 10 other 
SPs were downregulated in VaD, including seven d16:1 
SPs, two d18:0 SPs and one d18:2 SP (Fig. 3B-E). No sig-
nificant alterations were observed for CIND, relative to 
NCI, (Fig.  3A) but similar trends were observed where 
d18:1 SPs were increased and d16:1 SPs were decreased 
(Fig. 3D, Supplementary Tables 6 and 7).
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Of the d18:1 SPs, those with n-acyl chains 16:0, 18:0, 
and 24:1 seems to be preferentially increased in both AD 
and VaD (Fig.  3E, Supplementary Figure  3A-B, Supple-
mentary Table  7). This was observed across SP classes 
Cer, GM3, HexCer, and SM.

We also compared levels of plasma SPs in VaD, com-
pared to AD, and found only 12 plasma SPs to be sig-
nificantly decreased in VaD (Supplementary Figure  4). 
Given that plasma SPs are altered in the same direction 
in both subtypes of dementia but to differing extents, it 

is unsurprising that a direct comparison of plasma SPs 
between AD and VaD revealed small differences.

Multiple sphingolipids were associated with risk of AD
To determine if SPs were significantly associated with 
risk of AD and VaD, we performed logistic regression 
analysis with increasing stringency (Fig.  4A-B, Supple-
mentary Table  8). Individual SPs were used as predic-
tor variables alone (Model 1), followed by the presence 
of demographic factors of age, sex and education level 

Table 1  Baseline demographic and clinical characteristics of study participants

Abbreviations: AD Alzheimer’s disease, CDR-SOB Clinical Dementia Rating Scale Sum of Boxes, CEVD cerebrovascular diseases, CIND cognitively impaired, no dementia, 
IQR interquartile range, MoCA Montreal Cognitive Assessment, MMSE Mini-Mental State Examination, MTA medical temporal lobe atrophy, N number, NCI non-
cognitively impaired, NfL neurofilament light chain, P-tau181 tau phosphorylated at serine-181, SD standard deviation, VaD vascular dementia
a Values < 0.05 indicated significant group-wise differences using Kruskal–Wallis analyses of variance (age, neuropsychological assessment, MTA score, and plasma 
biomarkers) or Chi-square tests (sex, education, CeVD risk factors, presence of significance CeVD)
b Not all measurements were available for all participants due to a variety of reasons, including withdrawal of consent, inadequate samples or patient factors
c Measurement unavailable for 1 CIND, 2 AD
d Measurement unavailable for 1 CIND
e Measurement unavailable for 1 NCI, 2 VaD
f MMSE measured according to Folstein et al. [18]
g MoCA measured according to Nasreddine et al. [19]
h CDR-SOB measured according to O’Bryant et al. [29], measurement unavailable for 1 CIND
i Global cognition z-score derived from the neuropsychological battery (see Supplementary Table S2) by averaging the and standardizing the domain z-scores using 
the means and SDs of the NCI reference group as described previously [30], measurement unavailable for 2 AD
j Significant CeVD determined by presence of cortical infarcts, lacunes and / or white matter hyperintensities as previously described [16], measurement unavailable 
for 2 CIND, 4 AD and 1 VaD
k MTA scores measured according to Scheltens et al. [31], measurement unavailable for 2 AD, 2 VaD
l Plasma P-tau181 measurements as previously described [17], measurement unavailable for 10 NCI, 8 CIND, 13 AD and 6 VaD
m Plasma NfL measurements as previously described [28], measurement unavailable for 11 NCI, 8 CIND, 13 AD and 6 VaD

Characteristics NCI CIND AD VaD p-valuea

Demographics

  Maximum Nb 93 217 166 50

  Age in Years, Mean (SD) 69.6 (7.0) 73.7 (7.8) 75.8 (7.3) 74.0 (8.3)  < 0.001
  Female, N (%) 48 (51.6) 112 (51.6) 109 (65.7) 17 (34.0)  < 0.001
  Above primary education, N (%) 64 (68.8) 116 (53.5) 50 (30.1) 17 (34.0)  < 0.001
CeVD risk factors

  Hypertension, N (%)c 55 (59.1) 148 (68.5) 118 (72.0) 50 (100.0)  < 0.001
  Hyperlipidemia, N (%)d 64 (68.8) 168 (77.8) 115 (69.3) 45 (90.0) 0.009
  Diabetes, N (%) 20 (21.5) 82 (37.8) 65 (39.2) 28 (56.0) 0.001
  Cardiovascular disease, N (%)e 5 (5.4) 31 (14.3) 23 (13.9) 12 (25.0) 0.014
Neuropsychological assessments

  MMSE, median (IQR)f 28 (3) 24 (5) 16 (8) 15 (7)  < 0.001
  MoCA, median (IQR)g 26 (3) 20 (6) 10 (8) 11 (6)  < 0.001
  CDR-SOB, median (IQR)h 0 (0) 0.5 (1.0) 6.0 (5.0) 6.0 (7.0)  < 0.001
  Global cognition z-score, median (IQR)i 0.13 (1.3) -2.50 (2.7) -6.62 (4.7) -6.41 (5.7)  < 0.001
Neuroimaging assessments

  Significant CeVD, N (%)j 24 (26) 114 (53) 100 (62) 49 (100)  < 0.001
  MTA score, median (IQR)k 1.0 (0) 1.0 (1.0) 2.0 (1.0) 2.0 (2.0)  < 0.001
Plasma biomarker assessments

  P-tau181, pg/mL, median (IQR)l 1.81 (1.0) 2.43 (1.8) 3.47 (2.7) 2.26 (1.9)  < 0.001
  NfL, pg/mL, median (IQR)m 15.7 (8.7) 22.2 (13.4) 33.6 (26.5) 43.8 (51.1)  < 0.001
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Fig. 2  Heat-plot showing Spearman correlation coefficients of the sphingolipid species. Red represents positive correlations, blue negative. 
Clustering and heatmap conducted using Metaboanalyst 4.0

(See figure on next page.)
Fig. 3  Volcano plots showing fold change of lipid concentration in A CIND, B AD and C VaD as compared to NCI versus significance 
of the relationship. Dotted horizontal line represents p-value = 0.05. Mann–Whitney U test was used and BH adjustment was conducted for p-values. 
Datapoints are coloured by sphingoid backbones. Green represents d16:1 backbone, red represents d18:1 backbone, blue represents d18:2 
backbone, black represents d18:0 backbone. Species altered in both AD and VaD are labelled with*. D Venn diagram summarising the significantly 
altered species in AD and VaD, as compared to NCI. Lipids are coloured by sphingoid backbones. Green represents d16:1 backbone, red represents 
d18:1 backbone, blue represents d18:2 backbone, black represents d18:0 backbone. Arrows indicate if the species was increased (↑) or decreased (↓) 
as compared to NCI. E Heatplot showing the fold change of each lipid species in CIND, AD and VaD, as compared to NCI. Red indicates positive fold 
change, blue indicates negative fold change and shading intensity is proportional to level of fold change
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Fig. 3  (See legend on previous page.)
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Fig. 4  Logistic regression analyses between sphingolipid species (SP) and risk of A AD or B VaD. Models with increasing covariates are depicted 
from left to right. Shading intensity is proportional to coefficients. Relationships that are not statistically significant (BH-adjusted p-value > 0.05) are 
indicated with a black box. SP highlighted in yellow indicates the SP with highest odds ratio
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(Model 2), then with the addition of the ApoE4 allele 
(Model 3), and finally comorbidities including hyperten-
sion, hyperlipidemia, diabetes and cardiovascular disease 
(Model 4).

Eighteen SPs were significantly associated with risk of 
AD, mostly consisting of d18:1 SPs with positive asso-
ciations with risk of AD. Four d16:1 SPs were found to 
be negatively associated. Interestingly, with increasing 
covariates in Model 2–4, both the number of associations 
and their statistical significance also increased (Fig.  4A, 
Supplementary Table  8). We investigated each comor-
bidity in separate models (Supplementary Figure  5A) 
and found that adjusting for the presence of diabetes 
dramatically increased the number of significant asso-
ciations, including d18:2 SM, d18:2 Hex2Cer, and d18:1 
HexCer. Diabetes has been reported to be tightly linked 
to dementia through insulin resistance, dyslipidemia as 
well as vascular events and, in particular, sphingolipids 
have been found to be a common factor in these pro-
cesses [32]. We previously investigated these SPs in dia-
betes and reported them to be generally associated with 
decreased risk of diabetes [33]. Since diabetes is associ-
ated with increased risk of AD, the combination of these 
associations may have resulted in a masking effect when 
diabetes is not corrected for (i.e. increases in these SPs 
decrease risk of diabetes which in turn decrease risk of 
dementia, while simultaneously these SPs increase risk 
of dementia). For risk of VaD, seventeen SPs were signifi-
cantly associated in Model 1, mostly consisting of d16:1 
and d18:0 SPs with negative associations and d18:1 SPs 
with positive associations. Adjusting for covariates in 
Model 2–4 removed all significant associations (Fig. 4B, 
Supplementary Table 8). We investigated each comorbid-
ity in separate models (Supplementary Figure  5B) and 
found that adjusting for presence of hypertension and 
cardiovascular disease removes most of the significant 
associations.

Interestingly, the majority of GM3s were found to be 
associated with risk of AD where, in particular, GM3 
d18:1/16:0 and GM3 d18:1/24:1 were found with the 
strongest positive associations. On the other hand, these 
GM3 were not significantly associated with the risk of 
VaD (Fig. 4B, Supplementary Table 8).

Plasma sphingolipids as diagnostic biomarkers for AD 
and VaD
We attempted to find the best subset of plasma SPs that 
can act as a multimarker panel for diagnosis of AD or 
VaD. We performed regression with Least Absolute 
Shrinkage and Selection Operator (LASSO) regulari-
sation for variable selection [25] and utilised five-fold 
cross-validation to minimise predictive error and 
reduce overfitting [34]. LASSO regression was selected 

over the alternative stepwise regression, as stepwise 
regression may not give the best combination for our 
panel and it does not address overfitting.

LASSO regression resulted in a panel of six SPs for 
AD, including Cer d18:1/16:0, Cer d16:1/24:0, GM3 
d18:1/16:0, GM3 d16:1/22:0, SM d16:1/22:0, and Hex-
Cer d18:1/18:0 (Fig. 5A). ROC analyses were performed 
to determine the diagnostic value of the panel, as well 
as the individual SPs selected, for discrimination of AD 
from NCI. The AUC for the panel was 0.812 while the 
AUC for individual SPs ranged from 0.620 to 0.713. 
Likelihood ratio tests were performed to compare each 
SP to the panel. Results showed that the panel per-
formed better when compared to each SP (Supplemen-
tary Table 9).

The same set of analyses was performed for the 
discrimination of VaD from NCI. LASSO regres-
sion resulted in a panel of seven SPs for VaD, includ-
ing Cer d18:1/16:0, Cer d16:1/24:0, SM d16:1/16:0, SM 
d16:1/20:0, SM d18:2/22:0, HexCer d18:1/18:0, Hex2Cer 
d16:1/16:0 (Fig.  5B). The AUC for the panel was 0.888 
while the AUC for individual SPs ranged from 0.666 to 
0.714. Similarly, the panel significantly improved the 
results when compared to each SP (Supplementary 
Table 10).

ROC analyses were performed and plotted for a base 
model of demographic factors and comorbidities, the 
multimarker panel as well as a combined base model with 
the multimarker panel for AD. Likelihood ratio test was 
performed to compare the base model to the combined 
model, as well as to compare the multimarker panel to 
the combined model. DeLong test was used to compare 
between base model and multimarker panel. The AUC 
for the base model was 0.833 (sensitivity = 76.54%, speci-
ficity = 78.26%). The AUC for the multimarker model was 
0.812 (sensitivity = 63.25%, specificity = 86.02%). There 
was no significant difference in AUC between the base 
model and the multimarker model, although we observed 
that the base model has higher sensitivity whereas the SP 
multimarker panel has higher specificity. We compared 
these two models to the combined model with six SPs, 
which had a significantly improved AUC of 0.906 (sen-
sitivity = 84.57%, specificity = 81.52%) (Fig. 5A). Addition 
of SPs to the base model increased both sensitivity and 
specificity.

Similar analyses were performed for VaD, the AUC for 
the base model was 0.892 (sensitivity = 83.33%, speci-
ficity = 84.78%). The AUC for the multimarker model 
was comparable at 0.888 (sensitivity = 82.00%, specific-
ity = 80.65%). We compared these two models to the 
combined model with seven SPs which had a significantly 
improved AUC of 0.942 (sensitivity = 93.75%, specific-
ity = 90.22%) (Fig. 5B). Again, we observed that addition 
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of SPs to the base model increased both sensitivity and 
specificity.

Backwards stepwise logistic regression was also per-
formed, and a similar subset of SPs was selected for AD, 
except for the inclusion of HexCer d18:1/16:0 and exclu-
sion of GM3 d16:1/22:0 as compared to the SPs selected 
by LASSO regression (Supplementary Table 11). Similarly 
for VaD, backwards stepwise logistic regression selected 
similar SPs except for the exclusion of SM d16:1/16:0 
and SM d16:1/20:0 (Supplementary Table 12). Given that 
the population is not restricted to just AD and NCI, or 
VaD and NCI, it is sensible to determine the potential 
diagnostic utility of plasma SPs to discriminate AD or 
VaD from all other diagnoses (i.e. AD from NCI, CIND, 
VaD; or VaD from NCI, CIND, AD). ROC analyses were 
performed (Fig.  6A). The AUC for the base model was 
0.706 for AD (sensitivity = 64.81%, specificity = 69.58%). 
The AUC for the multimarker model was comparable at 
0.697 (sensitivity = 77.71%, specificity = 55.83%). Addi-
tion of 6 SPs to the base model significantly improved the 
AUC to 0.761 (sensitivity = 80.25%, specificity = 62.82%) 
(Fig. 6A). Similarly for VaD, the AUC for the base model 
was 0.782 (sensitivity = 91.67%, specificity = 57.36%). The 
AUC for the multimarker model was comparable at 0.741 

(sensitivity = 80.00%, specificity = 58.40%). Addition of 7 
SPs to the base model significantly improved the AUC to 
0.834 (sensitivity = 77.08%, specificity = 75.91%) (Fig. 6B).

Discussion
Previous sphingolipidomic studies typically quantified SP 
classes in aggregate or looked at only the d18:1 SPs [35–
38]. While these studies demonstrate that AD is associ-
ated with significant alterations in SP accumulation, the 
depth of their reported SP profiles were incomplete, lim-
iting the scope of the observations and likely contribut-
ing to variations in study conclusions. Apart from the 
canonical d18:1 sphingoid backbone, humans synthe-
sise and utilise sphingolipids containing other sphingoid 
backbones, such as d16:1 [39, 40]. In this study, we exam-
ined sphingoid backbone-specific changes in SPs of AD 
and VaD patients and observed multiple d18:1 sphingoid 
backbone-specific elevations in AD. We also report for 
the first time plasma SPs alterations in VaD.

AD and VaD subjects have varying alterations 
to the patterns of their sphingolipid profiles
Our results demonstrate that d18:1 SP content is higher 
and d16:1 SP content is lower in the plasma of dementia 

Fig. 5  A ROC plot for base model of demographic factors and comorbidities, multimarker model with 6 SPs and combined model with SPs for AD. 
AUC with 95% confidence intervals, sensitivity and specificity of each model are reported. Table shows SPs selected by LASSO regression. Respective 
penalised and unpenalized coefficients are reported. B ROC plot for base model of demographic factors and comorbidities, multimarker model 
with 7 SPs and combined model with SPs for VaD. AUC with 95% confidence intervals, sensitivity and specificity of each model are reported. Table 
shows SPs selected by LASSO regression. Respective penalised and unpenalized coefficients are reported
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patients, as compared to healthy controls. The contrast in 
d18:1 and d16:1 SPs alterations across all classes may also 
explain the inconsistent results observed in past studies 
that often quantified SPs by their classes. This highlights 
the critical importance of capturing species-specific 
changes.

Apart from the opposing direction of change between 
d18:1 and d16:1 SPs in dementia, we found an inter-
esting contrast between AD and VaD. The majority of 
altered SPs in AD were upregulated d18:1 SPs while the 
majority in VaD were downregulated d16:1 SPs. A recent 
meta-analysis of two large-scale studies in Australia also 
analysed species-specific changes in the lipidome of AD 
patients. This study reported no apparent differences 
between sphingoid bases [41]. Our results demonstrated 
otherwise, this could be likely due to the fact that the 
Australian study only included AD patients while in our 
study, we found that the contrast between the sphingoid 
bases was made more evident as we compared the sphin-
golipid profile of AD against VaD, and the downregula-
tion of d16:1 content was more prominent and apparent 
in VaD.

Studies and reviews have emphasised that AD and 
VaD have overlapping pathophysiologies and patho-
genic factors that may act in additive or synergistic 
ways. For example, characteristics of AD such as amy-
loid plaques are found in VaD patients, and conversely, 
cerebrovascular diseases such as microbleeds and 
infarcts are found in AD patients. Both share com-
mon pathogenic factors, such as inflammation, vascu-
lar changes and apoptosis [42]. Nonetheless, these two 
dementia subtypes still vary in terms of prognosis, and 

their pathophysiologies may have distinct underlying 
mechanisms. This is highlighted in our study, where we 
found distinct changes in SP profiles between AD and 
VaD.

Global downregulation of SPs, regardless of SP class or 
sphingoid backbone, was associated with all systemic vas-
cular diseases explored in our study, including hyperten-
sion, diabetes, and cardiovascular disease. These diseases 
are risk factors for dementia and have been found to be 
associated with risk of vascular events such as myocardial 
infarction and stroke, leading to cerebrovascular diseases 
[10, 43]. VaD is tightly linked to such vascular events. 
Moreover, our results demonstrate that, after adjustment 
for these vascular risk factors, none of the SPs remained 
significantly associated with risk of VaD. We postulate 
that the downregulation of SPs in VaD is mainly contrib-
uted by these vascular risk factors for VaD. Future stud-
ies are required to determine whether derangement of 
SPs is a cause or a consequence of cardiovascular disease. 
However, it is worth noting that we previously identified 
genetic determinants of d16:1 SP content [44], suggesting 
that such changes may precede cardiovascular disease. 
Our results add to the expanding literature that SPs may 
be intricately linked to other important vascular diseases 
apart from cerebrovascular disease.

In contrast to the d16:1-specific reductions in VaD, 
we observed specific increases in d18 SPs in AD 
patients that remained significant after adjustment for 
these vascular factors. This highlights the possibility 
that the increase in d18 SPs is driven directly by AD-
specific pathology, or alternatively, that increased levels 
of d18:1 SPs represent a novel AD risk factor.

Fig. 6  A ROC plot for baseline model of demographic factors and comorbidities, multimarker panel and combined model with SPs for AD 
to distinguish AD from all other diagnoses. B ROC plot for baseline model of demographic factors and comorbidities, and combined model with SPs 
for VaD to distinguish VaD from all other diagnoses. AUC with 95% confidence intervals, sensitivity and specificity of each model are reported
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Sphingoid backbone‑specific alterations in dementia
The alterations observed were not specific to a particu-
lar class of SPs, rather the changes were seen across all 
classes of SPs investigated. This suggests that the changes 
we observed may be the result of alterations to de novo 
SP synthesis. Sphingoid backbone chain length is deter-
mined during the first step of de novo synthesis by serine 
palmitoyltransferase (SPT). This heterotrimeric enzyme 
complex consists of SPT Long Chain Base Subunit 1 
(SPTLC1), either SPTLC2 or SPTLC3, and either SPT 
Small Subunit a (SPTssa) or SPTssb. The combination of 
the subunits influences substrate preference of SPT, in 
particular incorporation of SPTLC2 preferentially gener-
ates the d18:1 backbone from a palmitoyl-CoA substrate, 
whereas SPTLC3 preferentially generates the d16:1 back-
bone from myristoyl-CoA [45]. One study investigating 
SPTLC protein expression in post-mortem brain tissues 
found SPTLC2 to be elevated in AD brain samples [46], 
consistent with an increase in d18:1 SPs. To our knowl-
edge, no studies have evaluated the role of SPTLC3 in 
cognitive impairment. In other cardiovascular disease 
models, a genome-wide association study (GWAS) has 
reported SPTLC3 genetic variants to be associated with 
protective odds for myocardial infarction [47]. Since 
associations between cardiovascular events and demen-
tia have often been cited [48], it is plausible that SPTLC3 
or other SP synthesis-associated enzymes may be playing 
important roles in pathophysiology of dementia. Further 
research is required to explore this.

Are d18:1 and d16:1 sphingolipids functionally different?
In this study, we show that SPs with structurally distinct 
sphingoid backbones vary in the directions in which they 
are altered in dementia, and that they differ to varying 
extents among dementia subtypes. These findings raise 
the question of whether sphingolipids differ function-
ally based on their sphingoid backbones. Limited studies 
have addressed this question as detailed investigations 
into sphingoid backbones were only made possible by 
recent advances in lipidomics.

Our group recently identified functional differences 
between d16:1 and d18:1 sphingosine 1-phosphates (S1P) 
in inflammatory signalling whereby d16:1 attenuates 
d18:1 pro-inflammatory signalling [49]. Other groups 
have shown similar work in cardiomyocytes, whereby 
d18 dihydrosphingosine (DHS) was shown to induce 
autophagy while d16 DHS was shown to inhibit cell via-
bility [50]. These studies illustrate potential differences in 
functions of signalling SPs with different sphingoid back-
bone. Given that the SPs explored in our current study 
are not only involved in signalling but also in influencing 
membrane properties [51], varying sphingoid backbone 

may exert a differential effect on these processes in 
dementia.

Involvement of gangliosides in AD
Interestingly, we found GM3 d18:1/16:0 and GM3 
d18:1/24:1 to be the most positively associated with risk 
of AD. This is corroborated by the recent meta-analysis 
which also identified GM3 d18:1/24:1 to have the strong-
est positive association with risk of AD [41]. In post-mor-
tem studies of AD, GM3 has been found to be elevated 
in AD, and in subcortical ischemic vascular dementia and 
mixed dementia, upregulation of GM3 d18:1/16:0 and 
GM3 d18:1/24:1 have been observed [12, 52].

Gangliosides are sialylated glycosphingolipids that are 
localised mostly to the plasma membrane in neuronal 
lipid rafts. They are known to play roles in various pro-
cesses such as receptor interactions and apoptosis. GM3 
is one of the simpler gangliosides that predominate in the 
periphery while it is found in lower levels in the central 
nervous system. Shifts from complex to simple ganglio-
sides such as GM3 have been reported in aging brains as 
well as brains with AD [53]. As a precursor to the array 
of complex gangliosides, GM3 can be converted by GM2-
synthase to form a-series gangliosides such as GM2 and 
GM1. Knockout of GM2-synthase in AD mice model 
reportedly led to the accumulation of GM3 and increased 
amyloid burden [54, 55]. GM3 can also be converted by 
GD3-synthase into b-series gangliosides such as GD3 
which have been found to be involved in amyloid pro-
duction. Moreover, knockout of GD3-synthase in AD 
mice model showed reduction in AD pathology [54, 56]. 
Another study evaluated the effect of GM3-synthase 
knockout as well as treatment with sialic acid binding 
lectin to reduce all gangliosides in AD mice. This resulted 
in reduced amyloid burden and decreased inflammation, 
as well as increased synaptic markers and improved cog-
nitive function [57]. These studies point to the potential 
role GM3 may play in amyloid pathology and the patho-
genesis of AD. Although our study did not quantify the 
complex gangliosides, we found a strong upregulation 
of GM3 in AD patients and add on to the literature that 
GM3 may be a plausible therapeutic target for AD.

Multimarker models are more sensitive and specific 
for classifying AD or VaD from NCI as well as all other 
diagnoses
Our results also highlighted the utility of a multimarker 
panel in delineating dementia from NCI patients as well 
as all other diagnoses. The analyses to distinguish AD 
or VaD from all other diagnoses is more representative 
of the population, as compared to distinguishing AD 
or VaD from NCI alone. For the ROC analyses to dis-
tinguish AD or VaD from all other diagnoses, we found 
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that utilising plasma SPs multimarker panels alone 
(AUC = 0.697 for AD, AUC = 0.741 for VaD) can reason-
ably discriminate AD or VaD from all other diagnoses. 
Furthermore, when we compared a base model of demo-
graphic factors and comorbidities known to be associ-
ated with risk of dementia to a base model combined 
with plasma SPs, we found the AUC to be significantly 
improved for diagnoses of AD (AUC = 0.761) and VaD 
(AUC = 0.834). The inclusion of multiple SPs may have 
clinical utility as diagnostic markers for AD and VaD in 
the population. Furthermore, we utilised LASSO regres-
sion with cross-validation to minimise out-of-sample 
prediction error to find the best combination of SPs for 
the multimarker panel [25]. λ1SE was also chosen to find 
the simplest model with comparable accuracy to the best 
model [26]. This is ideal for biomarkers selection to min-
imise time for processing while maintaining accuracy of 
the panel.

While LASSO regression is superior to alternative 
methods such as stepwise regression to derive the best 
model, it comes with its own set of limitations. For 
example, if there are more than 1 collinear variable, 
LASSO regression arbitrarily drops 1. Hence, the final 
selected covariates are known to belong to the true 
model or are correlated to those that belong, whereas 
covariates omitted by LASSO regression do not belong 
to the true model or belongs but are correlated to 
those that are already found within the model. None-
theless, we utilised LASSO regression to find the best 
multimarker panel of SPs for diagnostic purposes to 
discriminate AD or VaD from NCI and not for the pur-
pose of inference. This is also with reference to other 
studies that have also utilised LASSO regression to 
determine the best subset of lipids for diagnostic pur-
poses [11].

Conclusions
Our study identified specific changes to SPs in the 
human plasma sphingolipidome and found that, 1) 
d16:1 and d18:1 SPs were regulated differently in 
dementia and, 2) SP backbones are altered to varying 
extent depending on the subtype of dementia. Previ-
ous studies have emphasised the complexity of sphin-
golipid signalling and the value in studying alterations 
in all species. Our study further provided an additional 
perspective that the sphingoid backbones of SPs need 
to be evaluated and considered as a factor for further 
investigation in sphingolipid research. While the line 
between AD and VaD is often blurred and it is difficult 
to delineate these two subtypes of dementia, our study 
underscores a meaningful difference between these two 

dementias with the apparent difference in SPs regula-
tion based on their sphingoid backbone structures. We 
also found that gangliosides alterations may be associ-
ated with AD diagnosis.

While we provided an overview of the changes in 
plasma SPs in dementia, each SP class is involved in 
multiple processes that may be associated with the dis-
ease. We are unable to conclude whether changes in 
SPs are causative or a sequela of the disease, nor can 
we delineate the disease processes in which the altered 
SPs are involved. Hence, more mechanistic studies are 
required to determine and investigate this. In addi-
tion, SPs are highly diverse and although we captured 
the major classes of SPs, we did not quantify some of 
the other classes such as complex gangliosides, sphin-
gosines and ceramide 1-phosphates which may also be 
involved in the pathophysiology of dementia. Further-
more, our suggested multimarker panels as diagnostic 
markers for AD and VaD will still require a validation 
cohort to test for external validity as well as clinical util-
ity. Nonetheless, we present a novel difference between 
the two most common subtypes of dementias and bring 
attention to the importance of capturing species-spe-
cific changes.

Abbreviations
AD	� Alzheimer’s Disease
ANOVA	� Analyses of Variance
APOE	� Apolipoprotein E
AUC​	� Area Under Curve
Cer	� Ceramide
CIND	� Cognitive Impairment No Dementia
CoV	� Coefficient of Variation
DHS	� Dihydrosphingosine
DSM-IV	� Diagnostic and Statistical Manual Fourth Edition
FDR	� False Discovery Rate
GM	� Ganglioside
GWAS	� Genome-Wide Association Study
Hex2Cer	� Dihexosylceramide
HexCer	� Monohexosylceramide
LASSO	� Least Absolute Shrinkage and Selection Operator
NCI	� No Cognitive Impairment
NINCDS-ADRDA	� National Institute of Neurological and Communicative Dis-

orders and Stroke and the Alzheimer’s disease and Related 
Disorders Association

NINDS-AIREN	� National Institute of Neurological Disorders and Stroke-
Association Internationale pour la Recherché et l’ Ensei-
gnement en Neuroscience

QC	� Quality Control
ROC	� Receiver-Cperating Characteristics
S1P	� Sphingosine 1-Phosphate
SM	� Sphingomyelin
SP	� Sphingolipid
SPT	� Serine Palmitoyltransferase
SPTLC1	� Serine Palmitoyltransferase Long Chain Base Subunit 1
SPTLC2	� Serine Palmitoyltransferase Long Chain Base Subunit 2
SPTLC3	� Serine Palmitoyltransferase Long Chain Base Subunit 3
SPTssa	� Serine Palmitoyltransferase Small Subunit a
SPTssb	� Serine Palmitoyltransferase Small Subunit b
VaD	� Vascular Dementia



Page 14 of 16Chua et al. Alzheimer’s Research & Therapy          (2023) 15:214 

Supplementary Information
The online version contains supplementary material available at https://​doi.​
org/​10.​1186/​s13195-​023-​01359-7.

Additional file 1: Supplementary Table S1. Diagnostic criteria of clinical 
subgroups for this study. Supplementary Table S2. Summary of Neu-
ropsychological Battery and Component Tests. Supplementary Table S3. 
List of quantifiable lipid species in this study. Supplementary Table S4. 
Median concentrations of SPs in absence or presence of comorbidity or 
ApoE4 allele. Supplementary Table S5. SPs fold change and BH-p values 
in presence versus absence of comorbidity or ApoE4 allele. Supple‑
mentary Table S6. Median concentrations (nM) of SPs in NCI, CIND, AD 
and VaD. Supplementary Table S7. SPs Fold change and BH-p values in 
CIND, AD, VaD compared to NCI. Supplementary Table S8. Associations 
of SPs and risk of AD or VaD diagnoses, expressed as odds ratio (OR) and 
BH-adjusted p-values. Supplementary Table S9. AUC values for individual 
SPs and selected multimarker panel for AD. Supplementary Table S10. 
AUC values for individual SPs and selected multimarker panel for VaD. 
Supplementary Table S11. Variables selected by stepwise backwards 
regression for AD. Supplementary Table S12. Variables selected by 
stepwise backwards regression for VaD.

Additional file 2: Supplementary Figure S1. PCA analysis plots for 
complete lipidomic run, demonstrating no batch effects. Green represents 
samples, red represents pooled quality control (PQC) and blue represents 
technical quality control (TQC). Supplementary Figure S2. A Heatplot 
showing the fold change of each sphingolipid species in presence vs. 
absence of comorbidity or ApoE4 allele. B-F Volcano plots showing 
fold change of lipid concentration in presence of comorbidity or ApoE4 
allele as compared to absence versus significance of the relationship. 
Dotted horizontal line represents p-value = 0.05. Mann-Whitney U test 
was used and BH adjustment was conducted for p-values. Datapoints are 
coloured by sphingoid backbones. Green represents d16:1 backbone, 
red represents d18:1 backbone, blue represents d18:2 backbone, black 
represents d18:0 backbone. Scale for y-axis was reduced to better illustrate 
the spread of the datapoints in F. Supplementary Figure S3. Volcano 
plots showing fold change of lipid concentration in A AD and B VaD as 
compared to NCI versus significance of the relationship. Dotted horizontal 
line represents p-value = 0.05. Mann-Whitney U test was used and BH 
adjustment was conducted for p-values. Datapoints are coloured by n-acyl 
chain lengths. Pink represents short chain acyls (C14), red represents long 
chain acyls (C16-18), green represents very long chain acyls (C20-26), 
blue represents monounsaturated acyls (C24:1). Supplementary Figure 
S4. A Volcano plots showing fold change of lipid concentration in VaD as 
compared to AD versus significance of the relationship. Dotted horizontal 
line represents p-value = 0.05. Mann-Whitney U test was used and BH 
adjustment was conducted for p-values. Datapoints are coloured by 
sphingoid backbones. Green represents d16:1 backbone, red represents 
d18:1 backbone, blue represents d18:2 backbone, black represents d18:0 
backbone. B List of species significantly different between AD and VaD, 
with fold change and p-value stated. Supplementary Figure S5. Logistic 
regression analyses between sphingolipid species (SP) and risk of A AD or 
B VaD, adjusted for separate comorbidities. Models with increasing covari-
ates are depicted from left to right. Shading intensity is proportional to 
coefficients. Relationships that are not statistically significant (BH-adjusted 
p-value > 0.05) are indicated with a black box.

Additional file 3. Supplementary Information: Covariates.

Acknowledgements
We thank the study participants and their family members for their contribu-
tions to this study. We also acknowledge Dr Boon Yeow Tan, St Luke’s Hospital, 
for his contribution to patient recruitment.

Authors’ contributions
DRH and MKPL conceived the study and designed the project. XYC, FT and 
JRC performed the experiments. FT and MRW provided the lipidomics plat-
form and expertise. NV, SH and CPC provided clinical data and expertise. XYC, 
DRH, and MKPL analysed the data. XYC, DRH and MKPL wrote the first draft. 

All authors discussed the results, commented on the draft manuscript and 
approved the final version of the manuscript.

Funding
This work was supported by grants from the National Medical Research 
Council of Singapore (MOH-000500–03, MOH-000707–01) and the Healthy 
Longevity Translational Research Programme of the Yong Loo Lin School of 
Medicine (HLTRP/2022/PS-01).

Availability of data and materials
The data presented in this study are available in the manuscript and sup-
plementary materials.

Declarations

Ethics approval and consent to participate
All participants recruited were fully informed of all the procedures performed 
during the study and gave their written informed consent. Domain-Specific 
Review Board approval for the study was obtained from the Singapore 
National Healthcare Group (reference 2010/00017; study protocol DEM4233).

Consent for publication
All authors have given their consent for publication.

Competing interests
The authors declare no competing interests.

Author details
1 Department of Pharmacology, Yong Loo Lin School of Medicine, National 
University of Singapore, Singapore 117597, Singapore. 2 Singapore Lipidom-
ics Incubator (SLING), Department of Biochemistry, Yong Loo Lin School 
of Medicine, National University of Singapore, Singapore, Singapore. 3 Memory, 
Aging and Cognition Centre, National University Health System, Singapore, 
Singapore. 4 Raffles Neuroscience Centre, Raffles Hospital, Singapore, Singa-
pore. 5 Saw Swee Hock School of Public Health, National University of Singa-
pore, Singapore, Singapore. 6 Centre for Cardiovascular Biology and Disease 
Research, Department of Microbiology, Anatomy, Physiology and Pharmacol-
ogy, School of Agriculture, Biomedicine and Environment, La Trobe University, 
Melbourne, VIC, Australia. 7 Center for Genetic Disorders and Aging Research, 
Sanford Burnham Prebys Medical Discovery Institute, La Jolla, CA, USA. 

Received: 26 July 2023   Accepted: 22 November 2023

References
	1.	 Subramaniam M, Ann S, Ajit J, Abdin E. Prevalence of dementia in people 

aged 60 years and above: results from the WiSE study. J Alzheimers Dis. 
2015;45(4):1127–38.

	2.	 Prince M, Wimo A, Guerchet M, Ali GC, Wu YT, Prina M. World alzheimer 
report 2015. The global impact of dementia: An analysis of prevalence, 
incidence, cost and trends. [Research Report] Alzheimer’s Dis Int. 
2015;hal-03495438.

	3.	 Fratiglioni L, De Ronchi D, Agüero-Torres H. Worldwide prevalence and 
incidence of dementia. Drugs Aging. 1999;15(5):365–75.

	4.	 Korczyn AD, Vakhapova V, Grinberg LT. Vascular dementia. J Neurol Sci. 
2012;322(1–2):2–10.

	5.	 Castellani RJ, Rolston RK, Smith MA. Alzheimer disease. Dis Mon. 
2010;56(9):484–546.

	6.	 Elahi FM, Miller BL. A clinicopathological approach to the diagnosis of 
dementia. Nat Rev Neurol. 2017;13(8):457–76.

	7.	 Iadecola C, Duering M, Hachinski V, Joutel A, Pendlebury ST, Schneider 
JA, Dichgans M. Vascular Cognitive Impairment and Dementia: JACC 
Scientific Expert Panel. J Am Coll Cardiol. 2019;73(25):3326–44.

	8.	 Wallin A, Roman GC, Esiri M, Kettunen P, Svensson J, Paraskevas GP, Kapaki 
E. Update on Vascular Cognitive Impairment Associated with Subcortical 
Small-Vessel Disease. J Alzheimers Dis. 2018;62(3):1417–41.

https://doi.org/10.1186/s13195-023-01359-7
https://doi.org/10.1186/s13195-023-01359-7


Page 15 of 16Chua et al. Alzheimer’s Research & Therapy          (2023) 15:214 	

	9.	 Kalaria RN. Neuropathological diagnosis of vascular cognitive impairment 
and vascular dementia with implications for Alzheimer’s disease. Acta 
Neuropathol. 2016;131(5):659–85.

	10.	 Gorelick PB, Scuteri A, Black SE, Decarli C, Greenberg SM, Iadecola C, 
Launer LJ, Laurent S, Lopez OL, Nyenhuis D, et al. Vascular contributions 
to cognitive impairment and dementia: a statement for healthcare 
professionals from the american heart association/american stroke asso-
ciation. Stroke. 2011;42(9):2672–713.

	11.	 Mapstone M, Cheema AK, Fiandaca MS, Zhong X, Mhyre TR, MacArthur 
LH, Hall WJ, Fisher SG, Peterson DR, Haley JM, et al. Plasma phospholip-
ids identify antecedent memory impairment in older adults. Nat Med. 
2014;20(4):415–8.

	12.	 Lam SM, Wang Y, Duan X, Wenk MR, Kalaria RN, Chen CP, Lai MK, Shui G. 
Brain lipidomes of subcortical ischemic vascular dementia and mixed 
dementia. Neurobiol Aging. 2014;35(10):2369–81.

	13.	 Wong MW, Braidy N, Poljak A, Pickford R, Thambisetty M, Sachdev PS. 
Dysregulation of lipids in Alzheimer’s disease and their role as potential 
biomarkers. Alzheimers Dement. 2017;13(7):810–27.

	14.	 Crivelli SM, Giovagnoni C, Visseren L, Scheithauer AL, de Wit N, den 
Hoedt S, Losen M, Mulder MT, Walter J, de Vries HE, et al. Sphingolipids 
in Alzheimer’s disease, how can we target them? Adv Drug Deliv Rev. 
2020;159:214-31.

	15.	 Narayanaswamy P, Shinde S, Sulc R, Kraut R, Staples G, Thiam CH, Grimm 
R, Sellergren B, Torta F, Wenk MR. Lipidomic “deep profiling”: an enhanced 
workflow to reveal new molecular species of signaling lipids. Anal Chem. 
2014;86(6):3043–7.

	16.	 Hilal S, Chai Y, Ikram M, Elangovan S, Yeow T, Xin X, Chong J, Venketasu-
bramanian N, Richards A, Chong J, et al. Markers of Cardiac Dysfunction in 
Cognitive Impairment and Dementia. Medicine. 2015;94(1):e297–e297.

	17.	 Chong JR, Ashton NJ, Karikari TK, Tanaka T, Saridin FN, Reilhac A, Robins 
EG, Nai YH, Vrooman H, Hilal S, et al. Plasma P-tau181 to Aβ42 ratio is 
associated with brain amyloid burden and hippocampal atrophy in an 
Asian cohort of Alzheimer’s disease patients with concomitant cerebro-
vascular disease. Alzheimers Dementia. 2021;17(10):1649–62.

	18.	 Folstein M, Folstein S, McHugh R. Mini-Mental State: A practical method 
for grading the cognitive state of patients for the clinician. J Psychiatr Res. 
1975;12:189–98.

	19.	 Nasreddine ZS, Phillips NA, Bedirian V, Charbonneau S, Whitehead V, 
Collin I, Cummings J, Chertkow H. The Montreal Cognitive Assessment, 
MoCA: A Brief Screening Tool For Mild Cognitive Impairment. J Anim 
Physiol Nutr. 2005;53(4):695–9.

	20.	 Diagnostic and Statistical Manual of Mental Disorders 4th Edition. Wash-
ington: American Psychiatric Association; 1994.

	21.	 McKhann G, Drachman D, Folstein M, Katzman R, Price D, Stadlan EM. 
Clinical diagnosis of Alzheimer’s disease: Report of the NINCDS-ADRDA 
work group under the auspices of department of health and human 
services task force on alzheimer’s disease. Neurology. 1984;34(7):939–44.

	22.	 Roman GC, Tatemichi TK, Erkinjuntti T, Cummings JL, Masdeu JC, Garcia 
JH, Amaducci L, Orgogozo JM, Brun A, Hofman A. Vascular dementia: 
diagnostic criteria for research studies. Report of the NINDS-AIREN Inter-
national Workshop. In. 1993;43:250–60.

	23.	 Chai YL, Yeo HK-H, Wang J, Hilal S, Ikram MK, Venketasubramanian N, 
Wong B-S, Chen CL-H. Apolipoprotein ɛ4 is associated with dementia 
and cognitive impairment predominantly due to Alzheimer’s disease 
and not with vascular cognitive impairment: a Singapore-based cohort. J 
Alzheimers Dis. 2016;51(4):1111–8.

	24.	 Burla B, Muralidharan S, Wenk MR, Torta F. Sphingolipid analysis in clinical 
research. Methods Mol Biol. 2018;1730:135–62.

	25.	 Tibshirani R. Regression Shrinkage and Selection via the Lasso. J Roy Stat 
Soc. 1996;58(1):267–88.

	26.	 Breiman L, Friedman J. Classification and regression trees (Wadsworth 
Statistics/Probability). 1984. https://​www.​seman​ticsc​holar.​org/​paper/​
Class​ifica​tion-​and-​Regre​ssion-​Trees-​(Wadsw​orth-​Breim​an-​Fried​man/​
2203c​20aae​fc87c​72e49​4b45d​c77ed​10f30​13cb5.

	27.	 Achim A, Christian BH, Mark ES. lassopack: Model selection and 
prediction with regularized regression in Stata. Stand Genomic Sci. 
2020;20(1):176–235.

	28.	 Chong JR, Hilal S, Ashton NJ, Karikari TK, Reilhac A, Vrooman H, Schöll M, 
Zetterberg H, Blennow K, Chen CP, Lai MKP. Brain atrophy and white mat-
ter hyperintensities are independently associated with plasma neurofila-
ment light chain in an Asian cohort of cognitively impaired patients with 

concomitant cerebral small vessel disease. Alzheimers Dement (Amst). 
2023;15(1):e12396.

	29.	 O’Bryant SE, Lacritz LH, Hall J, Waring SC, Chan W, Khodr ZG, Massman 
PJ, Hobson V, Cullum CM. Validation of the new interpretive guidelines 
for the clinical dementia rating scale sum of boxes score in the national 
Alzheimer’s coordinating center database. Arch Neurol. 2010;67(6):746–9.

	30.	 Chai YL, Chong JR, Raquib AR, Xu X, Hilal S, Venketasubramanian N, 
Tan BY, Kumar AP, Sethi G, Chen CP, Lai MKP. Plasma osteopontin as a 
biomarker of Alzheimer’s disease and vascular cognitive impairment. Sci 
Rep. 2021;11(1):4010.

	31.	 Scheltens P, Leys D, Barkhof F, Huglo D, Weinstein HC, Vermersch P, Kuiper 
M, Steinling M, Wolters EC, Valk J. Atrophy of medial temporal lobes on 
MRI in “probable” Alzheimer’s disease and normal ageing: diagnostic 
value and neuropsychological correlates. J Neurol Neurosurg Psychiatry. 
1992;55(10):967–72.

	32.	 Huynh K, Martins RN, Meikle PJ. Lipidomic Profiles in Diabetes and 
Dementia. J Alzheimers Dis. 2017;59(2):433–44.

	33.	 Chew WS, Tai ES, Herr DR, Chew WS, Torta F, Ji S, Choi H, Begum H. Large-
scale lipidomics identifies associations between plasma sphingolipids 
and T2DM incidence. JCI Insight. 2019;5(13):e126925.

	34.	 Hastie T, Tibshirani R, Friedman J. The elements of statistical learning: 
Data mining, inference, and prediction, 2nd edition. New York: Springer 
Science+Business Media; 2009.

	35.	 Mielke MM, Bandaru VVR, Haughey NJ, Xia J, Fried LP, Yasar S, Albert M, 
Varma V, Harris G, Schneider EB, et al. Serum ceramides increase the risk 
of Alzheimer disease: The Women’s Health and Aging Study II. Neurology. 
2012;79(7):633–41.

	36.	 Han X, Rozen S, Boyle SH, Hellegers C, Cheng H, Burke JR, Welsh-Bohmer 
KA, Doraiswamy PM, Kaddurah-Daouk R. Metabolomics in early Alzhei-
mer’s disease: identification of altered plasma sphingolipidome using 
shotgun lipidomics. PLoS ONE. 2011;6(7):e21643.

	37.	 Mielke MM, Haughey NJ, Han D, An Y, Bandaru VVR, Lyketsos CG, Fer-
rucci L, Resnick SM. The Association Between Plasma Ceramides and 
Sphingomyelins and Risk of Alzheimer’s Disease Differs by Sex and 
APOE in the Baltimore Longitudinal Study of Aging. J Alzheimers Dis. 
2017;60(3):819–28.

	38.	 Fonteh AN, Ormseth C, Chiang J, Cipolla M, Arakaki X, Harrington MG. 
Sphingolipid metabolism correlates with cerebrospinal fluid Beta amyloid 
levels in Alzheimer’s disease. PLoS ONE. 2015;10(5):e0125597.

	39.	 Zhao L, Spassieva S, Gable K, Gupta SD, Shi LY, Wang J, Bielawski J, Hicks 
WL, Krebs MP, Naggert J, et al. Elevation of 20-carbon long chain bases 
due to a mutation in serine palmitoyltransferase small subunit b results in 
neurodegeneration. Proc Natl Acad Sci U S A. 2015;112(42):12962–7.

	40.	 Hornemann T, Penno A, Rutti MF, Ernst D, Kivrak-Pfiffner F, Rohrer L, von 
Eckardstein A. The SPTLC3 subunit of serine palmitoyltransferase gener-
ates short chain sphingoid bases. J Biol Chem. 2009;284(39):26322–30.

	41.	 Huynh K, Lim WLF, Giles C, Jayawardana KS, Salim A, Mellett NA, Smith 
AAT, Olshansky G, Drew BG, Chatterjee P, et al. Concordant peripheral 
lipidome signatures in two large clinical studies of Alzheimer’s disease. 
Nat Commun. 2020;11(1):5698.

	42.	 Attems J, Jellinger KA. The overlap between vascular disease and Alzhei-
mer’s disease – lessons from pathology. BMC Med. 2014;12(1):206–206.

	43.	 Hughes TM, Craft S. The role of insulin in the vascular contributions to 
age-related dementia. Biochim Biophys Acta. 2016;1862(5):983–91.

	44.	 Chai JF, Raichur S, Khor IW, Torta F, Chew WS, Herr DR, Ching J, Kovalik JP, 
Khoo CM, Wenk MR, et al. Associations with metabolites in Chinese sug-
gest new metabolic roles in Alzheimer’s and Parkinson’s diseases. Hum 
Mol Genet. 2020;29(2):189–201.

	45.	 Lam BWS, Yam TYA, Chen CP, Lai MKP, Ong WY, Herr DR. The noncanonical 
chronicles: Emerging roles of sphingolipid structural variants. Cell Signal. 
2021;79:109890.

	46.	 Geekiyanage H, Chan C. MicroRNA-137/181c regulates serine palmitoyl-
transferase and in turn amyloid beta, novel targets in sporadic Alzhei-
mer’s disease. J Neurosci. 2011;31(41):14820–30.

	47.	 Hicks AA, Pramstaller PP, Johansson A, Vitart V, Rudan I, Ugocsai P, 
Aulchenko Y, Franklin CS, Liebisch G, Erdmann J, et al. Genetic determi-
nants of circulating sphingolipid concentrations in European popula-
tions. PLoS Genet. 2009;5(10):e1000672.

	48.	 Qiu C, Winblad B, Marengoni A, Klarin I, Fastbom J, Fratiglioni L. Heart 
failure and risk of dementia and alzheimer’s disease: a population-based 
cohort study. Arch Intern Med. 2006;166(9):1003–8.

https://www.semanticscholar.org/paper/Classification-and-Regression-Trees-(Wadsworth-Breiman-Friedman/2203c20aaefc87c72e494b45dc77ed10f3013cb5
https://www.semanticscholar.org/paper/Classification-and-Regression-Trees-(Wadsworth-Breiman-Friedman/2203c20aaefc87c72e494b45dc77ed10f3013cb5
https://www.semanticscholar.org/paper/Classification-and-Regression-Trees-(Wadsworth-Breiman-Friedman/2203c20aaefc87c72e494b45dc77ed10f3013cb5


Page 16 of 16Chua et al. Alzheimer’s Research & Therapy          (2023) 15:214 

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

	49.	 Chua XY, Chai YL, Chew WS, Chong JR, Ang HL, Xiang P, Camara K, 
Howell AR, Torta F, Wenk MR, et al. Immunomodulatory sphingosine-
1-phosphates as plasma biomarkers of Alzheimer’s disease and vascular 
cognitive impairment. Alzheimers Res Ther. 2020;12(1):122.

	50.	 Russo SB, Tidhar R, Futerman AH, Cowart LA. Myristate-derived 
d16:0 sphingolipids constitute a cardiac sphingolipid pool with 
distinct synthetic routes and functional properties. J Biol Chem. 
2013;288(19):13397–409.

	51.	 Merrill AH Jr. Sphingolipid and glycosphingolipid metabolic pathways in 
the era of sphingolipidomics. Chem Rev. 2011;111(10):6387–422.

	52.	 Kracun I, Kalanj S, Talan-Hranilovic J, Cosovic C. Cortical distribution of 
gangliosides in Alzheimer’s disease. Neurochem Int. 1992;20(3):433–8.

	53.	 Sipione S, Monyror J, Galleguillos D, Steinberg N, Kadam V. Gangliosides 
in the Brain: Physiology, Pathophysiology and Therapeutic Applications. 
Front Neurosci. 2020;14:572965.

	54.	 Grimm MOW, Michaelson DM, Hartmann T. Omega-3 fatty acids, lipids, 
and apoE lipidation in Alzheimer’s disease: a rationale for multi-nutrient 
dementia prevention. J Lipid Res. 2017;58(11):2083–101.

	55.	 Oikawa N, Yamaguchi H, Ogino K, Taki T, Yuyama K, Yamamoto N, Shin RW, 
Furukawa K, Yanagisawa K. Gangliosides determine the amyloid pathol-
ogy of Alzheimer’s disease. NeuroReport. 2009;20(12):1043–6.

	56.	 Bernardo A, Harrison FE, McCord M, Zhao J, Bruchey A, Davies SS, Jackson 
Roberts L, 2nd, Mathews PM, Matsuoka Y, Ariga T, et al. Elimination of GD3 
synthase improves memory and reduces amyloid-beta plaque load in 
transgenic mice. Neurobiol Aging. 2009;30(11):1777–91.

	57.	 Dukhinova M, Veremeyko T, Yung AWY, Kuznetsova IS, Lau TYB, Kopeikina 
E, Chan AML, Ponomarev ED. Fresh evidence for major brain gangliosides 
as a target for the treatment of Alzheimer’s disease. Neurobiol Aging. 
2019;77:128–43.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Lipidomics profiling reveals distinct patterns of plasma sphingolipid alterations in Alzheimer’s disease and vascular dementia
	Abstract 
	Background 
	Methods 
	Results 
	Conclusions 

	Introduction
	Materials and methods
	Study cohort, medical and cognitive assessments
	Covariates
	Blood processing
	Liquid chromatography–tandem mass spectrometry (LC–MSMS)
	Statistical analyses

	Results
	Baseline characteristics of study cohort
	Sphingolipid profiles differ in AD and VaD, compared to NCI
	Multiple sphingolipids were associated with risk of AD
	Plasma sphingolipids as diagnostic biomarkers for AD and VaD

	Discussion
	AD and VaD subjects have varying alterations to the patterns of their sphingolipid profiles
	Sphingoid backbone-specific alterations in dementia
	Are d18:1 and d16:1 sphingolipids functionally different?
	Involvement of gangliosides in AD
	Multimarker models are more sensitive and specific for classifying AD or VaD from NCI as well as all other diagnoses

	Conclusions
	Anchor 26
	Acknowledgements
	References


